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2. Dataset 4. Embedding Approach 6. Summary and Conclusions

While various tools have been » Compiled a dataset of 14,500 * Developed a foundation model for
developed to study the microbiome, human microbiome shotgun human microbiome analysis using
each tool tends to be specialized for a metagenomic samples from i large-scale metagenomic data.
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specific task. To overcome this ~80 studies. I Task 1 and Task 4: The model Is
limitation, we report on the » Training dataset with 13,573 - (ot mumber of Bne=2) better able to differentiate diseased
development of a foundation model samples: healthy + 33 0o > samples from other diseased
pretralned On 13’573 human dlseases Escherichia coli 0.50 2,1,2,1 Samples than d|Seased Samples
microbiome metagenomic samples. ¢ Validation dataset with 927 it 010 irom healthy samples. |

samples: healthy + 5 diseases  Task 2 and Task 3: Diseases with
. . | 2. more samples (e.qg., T2D) tend to
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predict host clinical status. 5. Results
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