Integrative analysis across metagenomic taxonomic classifiers
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ILO cohort Xu et al. cohort

There are various well-validated taxonomic classifiers for profiling shotgun metagenomics sequencing data, with two
popular methods, MetaPhlAn and Kraken, at the forefront of many studies. Despite substantial differences between Phylum Genus Species Phylum Genus Species
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Complementary approaches for taxonomic classification

« We processed datasets using KneadData? (v0.12.0), and taxonomic classification was performed using both
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« We performed differential abundance analysis at the species level to model species log-transformed relative

abundances with age utilizing linear regression with generalized estimating equations (GEE) to account for 0 40 o 0 wE
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RESULTS

Figure 3. Differential abundance analyses using both classifier methods capture more age-associated taxa. (Top) Volcano plot of the differentially abundant

ILO cohort Xu et al. cohort species with age in each cohort via linear regression and using correlated meta-analysis approach to generate combined p-values and combined effect estimates
for species identified by both classifiers within a cohort. (Bottom) Upset plots containing all species significantly associated with age via individual tests or
Phylum Genus Species Phylum Genus Species correlated meta-analysis approach. The vertical bar heights show the number of species associated in the Bracken profiles, MetaPhlAn4 (Metaphlan) profiles, both,
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